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0 6.1.1: 0000
oo gobooobobooodogbd

OO0 | He is still a baby in arms .
NMT1 | He is still a short baby .
NMT?2 | He is still a baby .

NMT3 | He is still a little baby .
NMT4 | He is still a baby boy .
NMTS5 | He is still a walking boy .
NMT6 | He is still an baby’s baby .
NMT7 | He is still a little baby .
NMTS | He is still hard .
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NMT1 | -0.4061 | 0.1844 | 0.4569 | 0.6228
NMT2 | -0.3980 | 0.1838 | 0.4574 | 0.6218
NMT3 | -0.414 | 0.1827 | 0.4528 | 0.6248
NMT4 | -0.4076 | 0.1838 | 0.4582 | 0.6172
NMT5 | -0.4066 | 0.1855 | 0.4574 | 0.6190
NMT6 | -0.4014 | 0.1850 | 0.4547 | 0.6241
NMT7 | -0.3962 | 0.1853 | 0.4587 | 0.6222
NMTS | -0.4006 | 0.1849 | 0.4575 | 0.6182
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NMT7 | 41 | 23 | 36
NMTS | 41 | 30 | 29
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NMT1 | -2.1564 | -3.4963 | -8.1842
NMT2 | -1.7890 | -3.4370 | -7.7541
NMT3 | -1.7239 | -3.4888 | -8.1038
NMT4 | -2.0195 | -3.1141 | -7.5009
NMT5 | -1.8041 | -2.9416 | -8.4624
NMT6 | -2.1846 | -4.6117 | -7.7291
NMT7 | -1.9401 | -3.8695 | -7.1248
NMTS8 | -1.9080 | -3.2454 | -7.5257
0o -1.9407 | -3.5256 | -7.7981
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000 |00 000000000000 DO0 0000 Ojog | PRED
000 | Look to it that this does not happen again .

NMT1 | Be careful what you do . O | -3.2388
NMT2 | Be careful of such a thing . O -3.2991
NMT3 | See that there is no occasion . X -4.8158
NMT4 | Look like this again . X -2.9777
NMT5 | Take care of such a thing again . O -4.0140
NMT6 | Be careful not to do such a thing again . © -3.6025
NMTT7 | Be careful not to do anything like this again . o -2.3996
NMTS8 | Be careful not to do such a thing again . o -1.7900
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000 | The strike was settled by the intervention of the President .

NMT1 | The dispute was settled by the President of the President . o -1.8957
NMT2 | The dispute was settled by the president’s invasion . o -1.8790
NMT3 | The dispute caused by the president caused a solution . X -3.3359
NMT4 | The dispute was settled by the dispatch of the president . o -2.6528
NMT5 | The dispute was settled by the mediation of the president . H -3.5173
NMT6 | The dispute was settled by the President . o -2.2755
NMT7 | The President’s formation was resolved by the President . O -2.8033
NMTS8 | The dispute was settled by the president of the president . o -1.5124
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000 | He was the very ideal of an English gentleman .

NMT1 | This was a very typical example of a gentleman . O -3.0452
NMT2 | It was a sensible example of a British gentleman . | 0 -3.2549
NMT3 | That was the worst example of a gentleman . O -3.7659
NMT4 | He was a typical example of a British gentleman . | © -2.2104
NMT5 | She was a typical classic of a British gentleman . O | -3.7124
NMT6 | He was a classic example of a gentleman . O -2.9573
NMT?7 | He was the epitome of a gentleman of English . @ -1.9124
NMTS8 | He was the very epitome of a gentleman . O -1.9405
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OO0 |00 000000 D0ODOO000OooaDo OO0 | PRED
000 | He feels secure about his future .

NMT1 | I don’t feel any apprehension about my future . | o -1.3998
NMT2 | I feel uneasy about my future . X -2.5883
NMT3 | I don’t feel feeling uneasy about my future . o -2.4133
NMT4 | I feel unsettled about my future . X -1.2790
NMT5 | I feel not worried about my future . o -2.6342
NMT6 | I don'’t feel anxiety about my future . o -2.6342
NMT7 | I don’t feel anxiety about my future . @ -1.4979
NMTS8 | I feel uneasy about my future . X -1.8851

Or3.1000000000NMT20408000000000000000O000O000O0O
gogbboboooobboboooobbboooobobboooobobbuoooonooon
gbobobooobooobobooobobobooobobuoobob0obOo PREDODO
ggbbobuoooobbboooobobobooooboboooo

14



0 732 PREDOOOOOOOOOOCOCOOOO (000000 PREDOOOOOOO
0o)

OO0 |00 0oo0ooboogd 00 | PRED
00O | He has been transferred to an easy post .

NMT1 | He was deeply engrossed . X -2.5850
NMT?2 | He was carried into a small section . o -2.8353
NMTS3 | He was relegated to a minor post . @ -0.6828
NMT4 | He was stabbed by a sudden death . X -0.9691
NMT5 | He was attacked by a fraction . X -1.0670
NMT1 | He was put into a post . X -2.7056
NMT2 | He was carried into a strange telephone . X -3.1215
NMT3 | He was driven to the gallows . X -1.0629
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000 |00 ODO0ODODOOooOoboOoo OO | PRED
000 | I want to live comfortably when I become old .

NMT1 | I want to live in my old age . O -1.6963
NMT2 | I would like to live at an easy age . X -2.8527
NMT3 | I want to get along with old age . O -3.1904
NMT4 | I want to live comfortably in old age . o -3.6880
NMT5 | I want to live in old age . O -1.0251
NMT6 | I want to live at ease in my old age . o -3.7577
NMT7 | I want to live in old age . O -1.6900
NMTS | I want to live in a comfortable age . O -2.8026
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U BLEUODOOO 7510000

O 751 0000000000000

OoOooO0O | PRED | BLEU
60000 -0.5393 | 0.1793
65000 -0.4524 | 0.1821
70000 -0.4615 | 0.1875
75000 -0.4428 | 0.1863
80000 -0.4353 | 0.1868
85000 -0.4408 | 0.1859
90000 -0.4324 | 0.1862
95000 -0.4328 | 0.1865
100000 -0.4228 | 0.1867
200000 -0.4245 | 0.1873
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