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#E(C) value(D) INELTR(C)  was small(D)
\ 4
AN HH3Z

ZOEEIZTNI LK K57, The value was small.
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000 | Go to Europe to study the piano .

000|000 00000 bDobooogaDb

000 [Icannot agree with you on this point .

Oobgo |00 b0 ooo oo

000 [ The loss was covered .

wikipedia [J

000 |0 0000 0OO0ObOO0ObODoOOOoOOoobg o
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27




80 Uool

8.1 0000 (wikipedial O 0 )Joint Probability vs Tri-

gram

gsi1oogoggoooagn

0 8.1: 0000000 wikipedia O O O O Joint Probability vs Tri-gram

wikipedia O O | BLEU | NIST | METEOR | RIBES | TER
Joint Probability | 0.09 | 3.46 0.38 0.72 | 0.72
Tri-gram 0.03 2.74 0.29 0.68 0.74

8.2 [0 0U0OOOwikipedial 0O 0 U Joint Probability vs
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gboobs20000
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Joint Probability o | Tri-gramo | OO0 (OO |O000O
23 2 58 12 5

0 820000 Joint Probabilityoc DO DO OO 830840850000

00 8.3: Joint Probabilityoc 00O 00O O

Oo0ogd oo0ooooooboobobood
ggg The Chinese invented printing .
Joint Probability 'The Chinese invented the printing .

Tri-gram The printing invented the Chinese .

0 8.4: Joint Probabilityo OO O OO

ood 000000 ooooooao
goo The park reaches to the river .
Joint Probability The park is spread to the river .
Tri-gram park spreading river .

O 8.5: Joint Probabilityo OO 0O OO

000 OO0 000O0oOO0O0O0OoDooODoOgad
oo The words are in common currency .
Joint Probability The word is understood in the public .
Tri-gram The word spoken the public .
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0820000 Tri-gramo UODOOOO 8600 870OOO

0 8.6: Tri-gramo 0O OO0

ooao O0O00000Ooooao
ood The bag is hung over his shoulders .
Joint Probability He is the 0 O O bag shoulders .
Tri-gram The bag hanging shoulder .

g 8.7: Tri-gramo OO O OO

0ooo 00000000 o0oooooad
ood Time healed her sorrow .
Joint Probability She Time healed his grief .
Tri-gram Time healed She grief .
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0 9.4: Joint Probabilityo OO 0O OO
ooo OO0 000ODOoODO0O0O0oDoDoogad

Oooo The words are in common currency .

Joint Probability This word is not accepted for the public .
Tri-gram This word is not accepted for the public .

O 9.5: Joint Probabilityo OO0 OO
ooo OO0 00do0ooOoooooOoooaoao

oo Her marriage will be a great event .

Joint Probability Her marriage will be a great event .

Tri-gram She will be a great event in marriage .

0 9.6: Joint Probabilityo OO0 OO
oo0 OO0O0O0O0O0ODODDOO0OO0OO0OOooDOaD
oogd [ am not used to the task .
Joint Probability I am not used to the work .

Tri-gram I was not used to the job .
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g 9.7: Trigramo OO O OO

000 O0000oooDOooooooooogon
oo The bag is hung over his shoulders .
Joint Probability He is 0 O O shoulders of the bag .
Tri-gram the bag is hanging on the shoulders .

U 9.8: Trigramo OO O OO

000 00000 O0ODOOoooooogad
oo The curtain hangs down loosely .
Joint Probability The curtain is drooping tongue .
Tri-gram lolled curtain is hanging down .

0 9.9: Trigramo OO O OO

ooo O00000D0ODO0ODOO OO
oo He went after the white horse .
Joint Probability [0 O He was after the right .
Tri-gram He follows the O O off .

0020093000000000000O00O JointProbability O O O Tri-gram O O

gogooboboogon
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000000 ¢p(NO1) |[COODODOODO DO drooping
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ooo The curtain is drooping tongue .
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gobboobuogobbboogoboo
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U 915 0000000400n
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ood OO0 D0 0O0O0O0OODOOad
oo The lava has retreated a little .
Joint Probability The lava retreated little .
Tri-gram little lava retreated .

O 9.17: Joint Probabilityo O O OO O

ooo OO0 0O00oO0oogoooogad
oo I am not used to the task .
Joint Probability I am not used to the work .
Tri-gram I was not used to the job .

O 9.18: Joint Probabilityo O O OO O

ooo 0000 0ooDoooooooao
oo The Chinese invented printing .
Joint Probability The Chinese invented printing .

Tri-gram He invented a printing of the Chinese .
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oo The words are in common currency .
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Oo0ogd The curtain hangs down loosely .
Joint Probability The curtain is drooping tongue .
Tri-gram lolled curtain is hanging down .
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log, P = log, P, + log, P, + log, P, (10.1)
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goooo The Chinese invented the printing .
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